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Abstract :

C C Wang and conorkers built a belie combination model cond ged of multiple exponentia hidirectiond asciative

menory (Multi-eBAM) through usng eBAM with equa privileges and gpplied it into the voting decison making of multiple experts
and obtained the later deci Son-making performance. Usng Chen inproved eBAM (1eBAM) and endowing different privilege to each
IeEBAM or expert ,a multiple weighted belief combinaion model consged of 1eBAM (Multi-WIeBAM) is congdructed and invedigated
and becomes an extenson to Wang Multi-eBAM nodd . Then its gability in synchronous and asynchronous updating nodes is repec-
tively proven and its corregpond ng deci Son-making performance and mgority factor for different privilege of each expert are obtained.
S the proposed nodd corfirms the red-life voting decison. The initid anadlyss indcates that the mgority factor of Multi-WIeBAM is
tighter than thet of the corregponding Muliti-WeBAM ,in other words ,the former has better deci Son-maki ng performance than the latter.
Fndly the experimenta resuits d < verify the above point.
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